DATABASE SHOWDOWN

A vibrant, cartoon-
illustration of a boxing
unique boxers, each repre
a DNAreference sequence
database. The boxers are diverse
in appearance and gear, standing
ready to compete. The scene is
energetic and scientific, suitable
for a presentation about DNA
databases. Landscape
orientation
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PanRes 2.0

Harmonizing resistance annotations
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Center for Genomic Epidemiology

PanRes 2.0 Database

PanRes (Pan Resistance) is a curated collection of genes conferring resistance to antibiotics, heavy metals, and biocides. We have aggregated unique gene sequences from multiple databases like ResFinder, CARD, MegaRes,
AMRFinderPlus, ARGANNOT, BacMet, and functionally verified genes and unified the ontology.

Click any button below to browse the Panres 2 ontology by antibiotic classes, predicted antibiotic resistance phenotype(s), resistance mechanisms, and by source database.
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Geographics and bacterial networks differently
shape the acquired and latent global sewage

resistomes
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What about the other AMR databases?

Both harmonizing the labels for PanRes and analyzing the
sewage samples led us to wonder:

AMRFinderPlus

ARGANNOT

* How similaris the content of the databases?
* How are they being used in the literature?

* How does the choice of database change AMR results?

ResFinder

ResFinderFG
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What about the other AMR databases?

Database overlaps in gene content
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What about the other AMR databases?

Citation counts (Scopus)
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What about the other AMR databases?

Keywords counts (Scopus)
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Datasets to use for evaluation

* Global Sewage samples

* One Day in Denmark®: phenotypic vs

genotypic

* Temporal dynamics and microbial
interactions shaping the gut

resistome in early infancy?

TRebelo, A. R., Bortolaia, V., Leekitcharoenphon, P., ... & Aarestrup, F. M. (2022). One day in
Denmark: comparison of phenotypic and genotypic antimicrobial susceptibility testing in
bacterial isolates from clinical settings. Frontiers in microbiology, 13, 804627.

2 Chatzigiannidou, I., Johansen, P. L., Dehli, R. K., Moll, J. M., Eriksen, C., Myers, P. N, ... &
Brix, S. (2025). Temporal dynamics and microbial interactions shaping the gut resistome in
early infancy. Nature Communications, 16(1), 8139.
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Copilot prompt:

Follow the same style as the title
slide. A cartoon-style illustration of
a single smiling boxer standing in a
boxing ring. The boxer is wearing
boxing gloves and shorts, and there
is a large question mark above his
head, symbolizing an open question
oruncertainty. The mood is friendly
and lighthearted, and the
background is a simple boxing
arena. Landscape orientation
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Abundance: bplotal/length
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